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Abstract

We investigate how the information content of the limit order book
affects the order choice of an investor. We show that although compe-
tition effect is present only at the best quotes while determining the
arrival rate of orders, for a limit order trader, it is more persistent
than the best quotes. Also, we find that when walking through the
book is not allowed, the price information does not matter for an im-
patient trader in her decision of fitting the order size. Finally, that
institutional traders’ order submission strategies are less sensitive to
the state of the limit order book compared to individual ones.
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1 Introduction

The limit order book and the characteristics of an asset, such as volatility,
provide essential information for a trader who wants to design an appropriate
order submission strategy. The choice of order aggressiveness in turn affects
the price formation of an asset and the liquidity dynamics in the market.
Following this, there has been a growing research interest on investors’ choice
of order submission over the last decade. By undertaking an empirical study
of a pure order driven market, this paper aims to contribute to this literature.

Our contribution is twofold: first, we test whether ‘competition’ or ‘signal-
ing’ effects, two theories that have been proposed in the existing literature,
dominate each other for depth beyond the best quotes. Second, we examine
the trading patterns of agents when walking through the book is not allowed,
i.e. when orders that would otherwise walk through the book are converted
into limit orders. To the best of our knowledge, both of these analyses are
the first attempts in the literature.

In an early work, Parlour (1998) suggests that an increase in the same-side
thickness of the limit order book (LOB) increases competition, which in turn
increases the submission of more aggressive orders in order to jump the queue
(‘competition effect’). On the other hand, in their recent theoretical work,
Goettler et al. (2009) argue that if the total volume of orders waiting beyond
the best bid (ask) is ‘too high’, then this will signal to the market that
the current quotes are mispriced and should decrease (increase) (‘signaling
effect’). By calculating the volume of orders waiting in the queue for the 10
best quotes separately, we analyze which effect dominates at every level.

In Istanbul Stock Exchange, walking through the book is not allowed. That
is, a ‘large’ market order will first be matched with the available volume at the
best corresponding quote. Then, the remaining part is converted to a limit
order at the quoted price instead of walking up or down the limit order book
to be fully executed.! This market rule obviously affects the cost of a market
order. When walking down/up the book is allowed, the cost of execution
of a large market order is higher since it matches with less favorable prices.
This in turn should affect the market order trader’s submission strategy. By
focusing on the order choice of an impatient (market order) trader, we test
whether we can reach different conclusions compared to the existing literature
on markets in which walking through the book is allowed.

Our analysis requires considering the reaction of the patient (limit order) and

!This is similar to Paris Bourse, Tokyo Stock Exchange, and the Stock Exchange of
Hong Kong for example.



impatient (market order) traders separately to the changing market condi-
tions. Hence following Pascual and Veredas (2009) we employ a two-stage
sequential ordered probit (SOP) model. Although our methodology coin-
cides with their study, our research questions are different. In order to test
whether competition effect is more persistent than the best quotes, we focus
on the actions of patient traders. On the other hand, to analyse whether/how
non—walking through the book affects the trading strategy of an aggressive
market order trader, our focus is on trading strategies of impatient traders.

Using the unprocessed order flow and trade data provided by Istanbul Stock
Exchange (ISE), we first reconstruct the limit order book dynamically. We
use the order flow, trade book and limit order book to analyze the effects of
the information content of the books on the order choice of the traders on a
sample of 30 stocks for the period of June and July 2008.

Our data set has one major advantage compared to many studies: since ISE
is a fully computerized and centralized stock exchange (unlike NYSE, there
is no specialist and unlike Paris Bourse for instance, none of the trades are
occurring outside ISE), the data generated fully captures the order flow and
execution process.

Moreover, in our data set we can distinguish whether an order is initiated
by an institutional or individual investor. By using this classification we
examine whether the trading behavior is different for institutional traders
compared to the individual ones.

Our main findings can be summarized as follows:

e The competition effect is stronger compared to the signaling effect for
both sides of the market, in every stage.

e For a limit order agent, the competition effect is the strongest for the
volume at the second best quotes for both, buyer and seller. For a seller,
it disappears after the fourth best ask, whereas it is more persistent for
a buyer.

e While fitting the size of her market order, for an impatient trader none
of the price information, neither spread nor price distance variables,
matters in our market. We believe this is specific to markets in which
walking through the book is not allowed.

e Institutional traders’ order submission strategies are less affected by the
state of the limit order book compared to individual ones. If institutions
are informed traders as proposed by the existing literature, this may



imply that institutions are placing their orders based more on their
own private valuations than the limit order book information.

The paper is organized as follows: Next section briefly presents the related
literature. In section 3, we describe data and introduce the order aggressive-
ness categories. Section 4 introduces the econometric methodology; two-stage
sequential ordered probit model. In Section 5, we list the explanatory vari-
ables used in sequential ordered probit regressions and discuss the hypotheses
tested. Section 6 presents the empirical findings. The robustness check of
the results is provided as well. Finally section 7 concludes.

2 Literature Review

Being one of the first dynamic equilibrium models on limit order markets,
Parlour (1998) analyses the effects of the information contained in the limit
order book (LOB) on order choice. She suggests that an increase in the
same—side thickness of the LOB ‘crowds out’ the limit orders on that side,
since higher competition decreases the execution probability. Similarly, an
increase in the opposite-side thickness is anticipated as a decreasing execution
risk, hence encouraging more aggressive behavior. This crowding-out effect
is symmetric for both sides of the book.

In another dynamic equilibrium model, Foucault (1999) proposes that the
order choice depends mainly on the asset volatility. When volatility increases,
a limit order trader demands larger compensation for the risk of being picked
off by posting higher ask and lower bid prices. This makes market orders
more costly, which in turn increases the proportion of limit orders on the
total order flow.

Foucault et al. (2005) consider the actual spread as a determinant of the
order choice of the strategic liquidity traders that differ in their waiting costs.
They conclude that for certain levels, high cost traders (impatient ones) will
submit market orders, whereas others submit limit orders. However if spread
increases over a cutoff level, all traders will supply liquidity to the market.
Goettler et al. (2005) solve numerically for the stationary Markov perfect
equilibrium in a model in which traders endogenously choose whether to
submit a market or a limit order and the order size. On the other hand,
Rosu (2009), similar to Foucault et al. (2005), models a continuous-time
market, but with a dynamic investor decision problem, i.e. an agent can
modify her strategy decision continuously.

Two of the very recent theoretical works allow asymmetric information for
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pure order driven markets; Goettler et al. (2009) and Rosu (2010). In Goet-
tler et al. (2009), informed traders are liquidity providers, i.e. they are sub-
mitting limit orders. However, in high volatility states, they are switching
their order choice to market orders to take the advantage of the mispriced
orders waiting in the queue. Rosu (2010), on the other hand, proposes that
the informed traders can be patient or impatient based on how far the fun-
damental value is from the public price. That is; if the fundamental value of
an informed trader is well above the public price plus a cutoff value, which is
proportional to the volatility, then the agent will be aggressive and submit a
market order to take advantage of her information instead of waiting to be
compensated by a limit order.

Several papers investigate the state of the book and its effect on order choice
in an empirical framework (Ahn et al. (2001), Ranaldo (2004), Beber and
Caglio (2005), Ellul et al. (2007), Pascual and Veredas (2009), Menkhoff
et al. (2010), among others). They find that the traders consume liquidity
when it is plentiful. In other words, when the spread is tight, traders submit
more market orders compared to limit orders.

The depth available at the best quotes has also been examined extensively.
Ranaldo (2004), Ellul et al. (2007) and Hall and Hautsch (2006) show that
aggressiveness increases with the depth on the same side. That is, investors
submit more aggressive orders that can jump in the queue when competition
increases. On the other hand, traders submit less aggressive orders when the
opposite side of the book is thicker, that is when the execution risk decreases.

Most of the previous work considers the informativeness of the limit order
book only at the best quotes. Relevant exceptions are Cao et al. (2009),
Pascual and Veredas (2009) and Lo and Sapp (2010). Using data from the
Australian Stock Exchange, Cao et al. (2009) investigate whether the prices
beyond the best bid and offer and their corresponding depths matter in price
discovery. They conclude that the contribution of beyond the book to the
price discovery is 22%, whereas the remaining part comes from the current
bid and ask prices as well as the transaction price. Pascual and Veredas
(2009) empirically confirm many of the Goettler et al. (2005) predictions.
Using a two stage sequential ordered probit model, they conclude that not
only the best quotes, but the information beyond the best quotes matters
in explaining the degree of patience of incoming orders. Moreover, they
note that although the impatient traders strongly rely on the prevailing best
quotes, for patient traders, strategic decisions are primarily based on the
state of the book beyond the best quotes. Lo and Sapp (2010) empirically
show the trade-off between order aggressiveness and quantity. Using simulta-
neous equations framework in a foreign exchange market, they conclude that



order size tends to be smaller when an order is more aggressive. That is,
by submitting smaller size market orders, traders avoid the higher execution
costs. Although their aim is not to examine the effects of the state of the
book on order choice, they still consider the depth behind the best prices as
an indication of asymmetric information.?

3 The Market and Data

3.1 Trading Structure in Istanbul Stock Exchange

The Istanbul Stock Exchange (ISE) is a fully computerized order-driven mar-
ket. Similar to all other major exchanges, double auction continuous order
matching is used for trading and the usual price and time priorities apply.
However, there are still some differences of market mechanisms and three of
them are worth to emphasize: First, ISE is a non-anonymous open market.?
All traders can observe all of the orders submitted/traded, with the corre-
sponding prices and volumes. Hence, before submitting an order, traders
are aware of the quantity available for a given price, for various prices, not
limited to the best five or ten quotes. Moreover, for the executed orders only,
they can see the name of the corresponding party who initiated the trade.

Second, walking through the book is not allowed. Hence, the unexecuted
portion of a market order is converted to a limit order. If an investor wishes to
buy (sell) shares by walking up (down) the book, she needs to use appropriate
LOs.

Finally, trading occurs in two sessions with a lunch break and every order is
valid for a corresponding session or for a day.*

3.2 Data and Descriptive Analysis

For the purpose of the study, we pick the 30 stocks from ISE30 index for the
period of June and July 2008. The 30 stocks in our sample correspond to
73% of the total trading volume of ISE for the period under consideration.

By using the unprocessed order flow and trade data, we first reconstructed

2In their data set, agents can only observe the best bid and ask and the corresponding
depth. Hence depth beyond the best prices is private information

3Non-anonymity has changed by January 2011, but for the sample under consideration,
traders can identify the name of the trading parties.

4See Valenzuela and Zer (2011) for a detailed discussion of the data and the market.



the limit order book (LOB) dynamically. To do so, we incorporate every
order according to the price and time priority rules and fill in LOB one by
one.

If a new order is a market order, it will be matched with the corresponding
order(s) from the other side of the book and removed from the LOB. To
detect whether an incoming order is a limit or a market order, we create the
actual bid and ask prices. If the new—coming buy (sell) order proposes a price
higher (lower) than or equal to the ask (bid) price, we identify it as a market
order. Moreover, if an order revision (including the split) is submitted, the
original order is removed from the limit order book. The volume available
at the best, second best, and up to the 10th best prices are calculated as
the cumulative volume of the orders waiting for that given prices. Hence the
reconstruction methodology will enable to provide snapshots for the order
book for any given time.

In 2008, the ISE index had a $248 billion value of shares traded and $11 billion
of market capitalization. The total value of shares trading and the market
capitalization were 0.7% and 5% of NYSE respectively. In terms of shares
trading, it is 5" within the emerging countries, just below the Johannesburg,
higher than Thailand, Singapore and Indonesian Stock Exchanges.’

Table 1 reports the descriptive statistics of the order flow and trade book,
averaged across the sample period.® Results show that, on average 2300
orders are submitted in a day, equivalent to 83 million TRL.” The highest
number of orders is submitted/traded by GARAN investors, whereas the
smallest one is for MIGRS. In terms of volume submitted, GARAN is 8
times bigger than the average, whereas MIGRS, is 16 times smaller than the
average. Although our sample is composed by the 30 biggest stocks traded in
ISE, this results show a high degree of heterogeneity in the sample of study.

On average, the number of buy orders is slightly less than the number of sell
orders, roughly 15% of all orders have been revised or split and the number
of limit orders constitute about 70% of all the submitted orders.

3.2.1 Order Aggressiveness

In order to analyze how the state of the book effects the order choice of the
investor, we divide orders into five categories based on limit price position,
i.e. order aggressiveness, following Biais et al. (1995):

>Source: World Federation of Stock Exchanges.
50pening session executions have been excluded during the analysis.
"On 25th of July 2008, the exchange rate was 1.20USD/TRL.



e Category 1 (‘large MO buy’): Quuy > Qask and Poyy > Pagk.

e Category 2 (‘small MO buy’): Qpuy < Qask and Py > Pag.

e Category 3 (‘buy LO within the quote’): Pk > Pouy > Poia-

e Category 4 (‘buy LO at the quote’ order): Pk > Phuy = Phid-

e Category 5 (‘buy LO away from the quotes’): Phuy < Poid < Pask-

Sell side is constructed analogously.

Table 2 suggests that for the buy side, the most frequent events are small
buy market orders (category 2) followed by orders submitted at the quotes
whereas, for the sell side the ones away from the best quotes (category 5) have
the most frequent arrivals, contradicting the findings of Biais et al. (1995),
Beber and Caglio (2005),Griffiths et al. (2000) for Paris Bourse, NYSE and
Toronto Stock Exchange respectively. However this inconsistency is intuitive
when we take into account the volatile nature of ISE compared to other
developed economy stock exchanges.® Orders placed far from the best prices
may suggest that investors believe large jumps in the price of stocks are
always possible, and by placing orders far from the current price they want
to take advantage of these large potential fluctuations.

Table 2 also shows a very little frequency of orders within the quotes (for
both sides of the book), which can be explained by the small inside spread.’

Results regarding the execution rate, i.e. the proportion of orders executed,
suggest that only around 20% of orders away from the quotes are executed
compared to 67% of execution rate for the orders at the quotes. That is,
going from category 4 to 5, traders are facing a substantial non-execution
risk. This figures are very similar to Griffiths et al. (2000) for Toronto Stock
Exchange.

4 Sequential Ordered Probit Regressions

We investigate how the information content of the limit order book affects
the order choice of the investor, by considering the order choice as a two-stage

8The daily volatility for July 2008 was 7% for CAC40, 6% for SP500 and 5% for
DowJones, whereas it was 12% for ISE30.

9For example, say the actual spread is equal to the tick size. If an investor would like
to submit a limit order, the most aggressive order he can submit would be at the quote,
since ‘mechanically’ he cannot position his price within the quotes. Indeed, as Table 1
suggests, more than half of the stocks has a (tick size adjusted) spread less than 2.



process.

As a first step in her order choice, observing market dynamics and limit order
book information, the agent is patient, i.e. submits a limit order, or she is
impatient, i.e. submits a market order.!”

In the second stage, given the agent is patient, she decides the position of her
limit price (decides to submit category 1, 2 or 3 order), whereas the impatient
trader decides whether to submit a large or small market order (category 1
or 2 order).

To allow this sequential decision, we employ a sequential ordered probit
(SOP) model for the empirical investigation. The attractiveness of the SOP
model, compared to the ordered probit (OP) model is that the former en-
ables us to compare the reaction of the patient and impatient trader to the
changing market conditions separately.

4.1 First stage—arrrival of a market or limit order trader

In the first stage of the SOP model, the market conditions and the limit
order book information determines the arrival rate of patient or impatient
traders to the market. Although the degree of patience of the incoming
trader, Y*, is unobservable, we assume that it is a function of K observable
(LOB) variables, Xs. We consider volatility, price trend, volume and price
distance as explanatory variables. A detailed explanation of the regressors is
provided in the next section.

K
Y o= ZBka,t—l‘f‘i‘?t (1)
k=1

_ . <
Yt:{Olf oo <Y <4

1 if 0<Y,) <00 2)

00ne can argue that the degree of patience is based on a trader’s information level,
preferences or waiting costs, hence exogenously determined. However, recent theoretical
works suggest that market conditions and the state of the book affects the degree of
patience. For example Goettler et al. (2009) claim that although a patient informed
agent submits limit orders, when she observes high volatility, she switches to market
orders to take advantage of the mispriced quotes. Similarly, in Foucault et al. (2005), if
spread increases over a cutoff level, all traders, even the ones with high waiting costs, will
submit limit orders. Moreover, Ranaldo (2004), Beber and Caglio (2005) among others
show empirically that a trader considers the state of the book while formulating her order
strategies. Hence, we allow the arrival rate of patient and impatient agents to be influenced
by the state of the book and market conditions.



Here, t refers to transaction time, not clock time. Hence, our first-stage-
dependent variable is equal to 1 if the trader is impatient and 0 otherwise.

Assuming that error terms are normally distributed, the probability of the
incoming trader being patient is:

P(Y,=0) = P(—oco<Yy<6) (3)
= P(—00< Y BiXpso1+e <0) (4)

k=1
= O - BXes) ()

4.2 Second stage—patient trader

In the second stage, both patient and impatient traders choose their level of
aggressiveness given the information content of the book. A patient trader
has three choices: submitting a limit order within, at or away from the best
quotes. That is;

K
LO; = ) 0hX[0 +ef (6)
k=1

1 if —oco < LO; < 6t
LO, = { 2 if o< LO; <6l (7)
3 if Y < LO; <

Our dependent variable is equal to 1 if a trader submits a limit order away
from the best quotes (category 5), is equal to 2, if the order is submitted at
the best quotes (category 4) and finally is equal to 3 if the order is submitted
within the quotes (category 3). Hence, our dependent variable increases as
aggressiveness increases.

Assuming that the error terms are normally distributed, the probability of
the incoming patient trader being type ¢ = 1,2, 3 is:

K K
P(LOy=i) = O(6° = 0 Xp1) — (6% — Y O Xpum1)  (8)
k=1 k=1

where 0y = —oo and §¥ = oo.
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4.3 Second stage—impatient trader

Finally, the impatient trader decides the quantity she wants to trade; whether
she submits an aggressive market order (category 1), or submits a small
market order (category 2).

K
MO; = Y X[, e (9)
k=1
[0 if —oco< MO} <670
MO: = {1 if 0me < MO; < o0 (10)

As the coefficients of the sequential ordered probit measure the change in the
latent variable with respect to a change in one of the explanatory variables,
they are difficult to interpret. A direct interpretable measure is given by the
marginal probabilities (marginal effects):

OP(Y =0) OP(6 — S0 BrXpi1)

0X; 0X;
K
= —¢(6— Zﬁkxk,t,nﬂj (11)
8P(LO :i) _ 8( (5l0 Zk 18kat 1) (I)(‘Szl'OA _25:1 eka,tfl))
0X; B 0X;
= [¢ 5501 Zekat 1 510 Zekat 1 j (12)
k=1
OP(MO =0) _ 99(37 — 3o, wXpe1)
0X; 0X;
K
= 07 =D WwXni1) (13)
k=1
where i = 1,2,3 and 6}’ = —oo and §¥ = oco.

Marginal effects show how the probability of order choices are effected given
a marginal change in any of the explanatory variables.

5 Information Set and Hypotheses

Empirically we ask the following questions: whether ‘competition’ or ‘sig-
naling’ effects dominate each other at every level of the depth, how/whether
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walking through the book affect order decision of an impatient trader, and fi-
nally, how the trading behavior is different for institutional traders compared
to the individual ones.

5.1 Covariates for the impact of depth at and beyond
the best quotes

We test whether the competition and signaling effects, proposed by Par-
lour (1998) and Goettler et al. (2009) respectively, dominates each other for
depths beyond the best quotes. To do so, we calculate the volume of orders
waiting in the queue for the 10 best prices separately.

We define a proxy separately for every stage of the sequential ordered probit
(SOP) regressions. In the first stage of the SOP, when a trader decides
whether to submit a market or a limit order, she considers only the increase
of the volume at the best quotes (Vsame! and/or Vopp') as an increased
competition.

In the second stage, when a limit order trader decides her limit price, we
consider two states: first, (tick-adjusted) inside spread greater than 1 and
second, spread equal to 1. If an agent observes the inside spread greater than
1, then by submitting an order within the quotes (category 3 order) she can
jump the queue. In this case, Vsame' and (possibly) depth beyond the best
quotes captures the competition effect.

However, if the spread is 1, then ‘mechanically’ it is not possible to submit a
category 3 order, i.e. a trader cannot gain a priority over the orders already
waiting at Vsame!. In this case, while positioning her limit price, she may
consider just the depth beyond the best quotes as an increased competition,
at least up to some cutoff level, discarding the depth at the quotes as part
of the competition effect.

In order to determine the cutoff point in the analysis for the second stage, we
run the SOP regressions with accumulated volume of orders from the second
to the third, from the second to the fourth and from the second to the fifth
best prices (Vsame??, Vsame** and Vsame?-%). The signaling effect will then
be captured by Vsame®!?, Vsame’-® and Vsame®!° respectively.

Table 3 reports the results. For both sides of the market, volume at the
second best bid has the strongest competition effect. The marginal effects
as well as the significance of the estimated coefficients are decreasing with
the additional quotes added.!’ Moreover, at every level, competition effect

"For the sake of brevity we did not report the marginal effects, but only report the
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dominates the signaling effect. Finally, results suggest an asymmetry between
the sell and the buy side. The signaling effect is more persistent and stronger
for the sell side.

As suggested, we pick the volume at the second best quote as the cutoff
level. Hence, we define the competition effect, Vcomp and the signaling
effect, Vsign regressors as follows:

e Step 1— arrival rate of patient/impatient traders:

_ 1
Vcomp, = Vsame,

Vsign, = Vsame? + Vsame} + ... + Vsame;"

e Step 2- order choice of patient traders:

Vsame; it spread, =1

10

Vsign, = Vsame] + Vsame] + ... + Vsame,

e Step 2- order choice of impatient traders:

Vsign, = Vsame; + Vsame] + ... + Vsame,;"

Hypothesis: Although competition effect is present only at the best quotes
while determining the arrival rate of market or limit orders, for a limit order
trader, it is more persistent than the best quotes. The competition effect
overcomes the signaling effect for the depth variables closer to the best quotes
whereas the signaling effect is stronger for the depth away from the best
quotes.

5.2 Covariates for the impact of non—walking through
the book

By focusing on the order choice of a MO trader, we test whether we can reach
different conclusions compared to the existing literature on markets in which
walking through the book is allowed. In addition to the depth variables, we
define the inside spread and the price distance variables.

median coefficient for the statistically significant stocks. Note that the marginal effect
of an order submitted at the quotes (category 4) is positively related to the coefficient
reported.
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i) SPR: The actual bid-ask spread (tick size adjusted) just prior to the
submission of the order.

ii) Price Distances:

e Dsame!? (Dopp'-?): The price difference between the best and
the second best quotes for the same and the opposite side of the
book.

e Dsame (Dopp The price difference between the second
best and the highest or lowest available quote for the same and
the opposite side of the book.

2_max 2,max) :

The price distance variables for the opposite side capture the (weighted) av-
erage execution price of an aggressive order for the markets in which walking
through is possible. Because, in that case, when a large buy (sell) MO is sub-
mitted, it will eat up all the available volume at the best ask (bid) and then
move up (down) to the second best ask, and if necessary move up to third
after consuming the second, etc. So since the cost of a MO increases with
Dopp'-? or/and Dopp!'™**, this should lead to a submission of less aggressive
market orders.

Hypothesis: When walking through the book is not allowed, the price infor-
mation is not relevant for an impatient trader in her decision of fitting the
order size.

5.3 Additional Explanatory variables

Besides our key explanatory variables discussed above, following the previous
theoretical literature (e.g., Parlour (1998), Foucault (1999), Goettler et al.
(2005), Foucault et al. (2005), Goettler et al. (2009) and Rosu (2010)) as well
as the empirical literature (e.g Ranaldo (2004), Beber and Caglio (2005),
Pascual and Veredas (2009) and Cao et al. (2009)), we use volatility and
price trend as additional explanatory variables.

1. Trading—Time Volatility (Vola):

Following Beber and Caglio (2005), we define the volatility as the exponential
moving average of the squared returns, computed on the mid-quote prices
prior to the submission of the order.

61 = A, + (1= At (14)
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The decay factor A is equal to 0.95, hence the measure gives the highest
weight to the latest observation.

FExpected signs: Existing literature identifies a negative relationship between
volatility and order aggressiveness using various different reasoning. Foucault
(1999), Foucault et al. (2005), Goettler et al. (2009) among others, claim that
in high volatility states, since the picking off risk increases, the aggressiveness
of an incoming agent decreases.

2. Previous price trend (TREND):

We would like to identify the previous trend in the prices observed by the
agents. We define TREND as the percentage change in the mid-quote prices
for the last 100 observation at the time of the order arrival.

FExpected signs: Given that a trader observes an increasing price trend upon
arrival, this may indicate a possible future price increase as well. Since this
movement will move the prices away from the current levels, a buy trader
may interpret it as an increased non-execution risk of her limit order; hence
she prefers to submit more aggressive orders. This works opposite for the
seller.

3. Control variables:

In all of the regressions, we use the five previous lags of the dependent vari-
ables. Moreover, to control the seasonality on the arrival rate of orders, we
use time of the day dummy, indicating which half-an—hour of the day the
order is submitted.

6 Empirical Findings

As mentioned in Section 3, the 30 stocks in our sample present a high degree
of heterogeneity. Hence we estimate the sequential ordered probit (SOP)
regressions for each stock separately, for buyer and seller initiated traders
and report the median coefficient for the significant stocks. Table 4, Table 5
and Table 6 present the results of the first, the second stage for a limit order
(LO) trader and the second stage for a market order (MO) trader of the SOP
model respectively.

6.1 Impact of depth at and beyond the best quotes

Table 4 reveals that an increase in the depth at the best quotes is perceived
as an increased competition and lead to an increase in the arrival rate of
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MO traders for both sides of the market. On the other hand, when the
competition on the opposite side of the book (Vcompopp) increases, agents
predict that the MO arrivals increases on the opposite side of the book,
implying an increased probability of execution for their limit orders, so they
submit more limit orders.

The signaling effect is more pronounced on the sell side of the book compared
to the buy side. An increase in the volume of orders waiting beyond the best
quotes is perceived as a disagreement on the current price. An increase in the
accumulated volume beyond the best bid (Vsignalopp) is signaling a possible
future price decrease, resulting an increase on the arrival rate of aggressive
sellers. An increase on the ask side (Vsignal) has an opposite effect.

Table 5 presents the regression results for a patient trader. It suggests that
only the same side of the book matters for both, buyer and seller. Vcomp
and Vsignal has expected signs. An increase in the competition lead to a
submission of aggressive limit orders to jump the queue, whereas an increase
on the same-side-depth away from the quotes (Vsignal) is perceived as a
possible mispricing of the best quotes as Goettler et al. (2009) predict and
lead to a submission of less aggressive limit orders.

Marginal effects regarding the depth variables reveal that the volume at
the best quotes is particularly emphasized while determining the degree of
patience of the incoming trader compared to depth beyond the best quotes.
Moreover, the competition effect is stronger compared to the signaling effect
for both sides of the market in all stages of the SOP.

6.2 Impact of non-walking through the book

Our results suggest that, while fitting the size of her market order (MO),
for an impatient trader none of the price information, neither spread nor
price distance variables, matters. An MO trader only considers volatility
and volume accumulated on the opposite side of the book. We believe that
this is a result of non-allowance of walking through the book.

In high volatility states impatient trader submits more aggressive MOs. This
can be explained by two: first, an impatient trader may benefit from a high
volatility state since it increases the probability of fully execution of large size
orders. This is due to the fact that the excess is converted to a limit order
and the execution probability of a limit order increases with volatility.'?

12For example Cho and Nelling (2000) and Hasbrouck and Saar (2002) show that exe-
cution probability of limit orders are increasing with volatility.
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Second, given that the trader submits an MO in a high volatility state, it is
more likely that she is informed as Goettler et al. (2009) predict. She would
like to take advantage of the mispricing at the quotes, which makes her to
submit an aggressive MO.

An impatient buyer splits her orders into several small quantities rather than
submitting a large MO when Vsignalopp (the accumulated volume on the op-
posite side of the book) increases. Since, the non-executed part of a large MO
is converted to a limit order; an increase in the Vsignalopp makes large MOs
less attractive. Because, when Vsignalopp increases, this signals a possible fu-
ture price increase, making the non-execution risk higher for the limit-order-
converted-part of the aggressive MO. This result is weak for an impatient
seller.

All of the results regarding the actions of an impatient trader contradicts
with the previous empirical studies conducted on markets in which walking
through the book is allowed. For example, in their study of Spanish Stock
Market, Pascual and Veredas (2009) show that spread, the depth at and
away from the best quotes and the price differences on the opposite side of
the market matters for an impatient trader’s decision.

In his study on the Swiss Stock Exchange, Ranaldo (2004) demonstrates
that the sensitivity of a large MO with respect to volatility is more negative
compared to a small one. Thus in high volatility states, given that the trader
is an MO trader, she prefers to submit small MOs.!?

To analyze further, we use a different proxy to capture the price and volume
information contained at the quotes away from the best prices. We fit a
second degree polynomial for the total volume available at each price and
the corresponding quotes. Then the coefficient of the quadratic term for
both sell and buy sides of the book is used in the SOP regressions. Following
the discussion above, we expect them to be insignificant for an impatient
trader. As expected, neither the fit for the same nor the opposite side of the
book matters. The only significant variables are volatility and price trend.!*

6.3 Effects of the Additional Variables

Similar to the existing literature, we find that when volatility increases, the
probability of an incoming agent being patient increases since the increased

131t is worth to stress here that in Ranaldo (2004) study, the actions of patient and
impatient are not distinguished separately. However by considering the marginal effects
of each type of order aggressiveness, we can still come up to this conclusion.

14The results are presented in the working paper version.
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volatility increases the picking off risk.

On the other hand, given that the agent is patient and submits a limit order,
she prefers to submit more aggressive limit orders since submitting orders
away from the quotes decreases the execution probability significantly.!®

Our results suggest that, when the previous price trend increases, a buyer
submits more limit orders whereas a seller submits more MOs. This contra-
dicts the expected sign proposed. One possible interpretation is the expec-
tation of mean reversion in the prices. If a seller, for instance, believes that
prices will revert back, she would submit an aggressive MO to take advan-
tage of this ‘mispricing’, instead of waiting and to be compensated by a limit
order.

In line with the majority of the literature, we found that wider spread in-
creases the probability of an incoming trader being patient. On the other
hand, Table 5 shows that, the importance of the inside spread is more pro-
nounced for the limit order trader while positioning their limit price. In line
with the predictions of Foucault et al. (2005) and Goettler et al. (2005), we
find that a wider spread persuades patient traders to submit more aggressive
limit orders.

6.4 Trading Behavior of the Institutions

The current literature points out that individual and institutional investors
may differ in their level of information implying that institutions are informed
traders.!¢

In our data we can distinguish whether an order is initiated by an insti-
tutional or individual investor, with a problem however. Due to internal
regulations, some of the foreign institutions are classified as individual in-
stead of institutions. Hence, whenever it is marked as an institution in our
data set, it is an institution for sure. However, individual traders are pooled
with foreign institutions. This in turn reduces our sample size significantly,
but does not affect the conclusions we derived.

In our sample, on average 3.7% of all orders are initiated by institutions.
When we parse orders initiated by institutional investors only, it is not pos-
sible to run the SOP regressions mentioned in Section 4 for four of the stocks
in our sample, due to limited number of observations. Hence we excluded

5For instance, Table 2 suggests that submitting an order away from the quotes instead
of at the quotes decreases the execution probability from 60% to 20%.

16See Arbel and Strebel (1983), Lo and MacKinlay (1990), Cornell and Sirri (1992),
Koski and Scruggs (1998) and Chakravarty (2001).
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those stocks from our analysis in this section.!”

Results presented in Table 7 show that only the depth available at the same
and at the opposite side of the book, matters for institutional investors in
their decision to submit a limit or a market order. In other words, competi-
tion matters. Comparing with the overall sample, we see that the significance
of the volatility is disappeared. This may suggest that the picking off risk
that drives uninformed agents to submit more limit orders in high volatility
states diminishes in case of institutional trading since they have informational
advantage over individual investors.

When we analyze the second stage results, we see that except the Vcomp,
the competition effect variable, which matters only half of the sample, the
information contained in the book does not matter at all for institutional
investors in their price or quantity decision. This may imply that institutions
are placing their orders based more on their own private valuations than in
the limit order book information. They analyze other traders’ actions only
for possible competition; however signaling does not influence their order
choice.

As a robustness check, we check our results under 1% confidence interval and
we see that the conclusions do not change.

6.5 Robustness

We provide three sets of robustness checks to make sure that our findings
are not driven by an arbitrary choice. The first robustness check is related
to the model specification. Instead of estimating the model with ordered
probit, we use ordered logit. The results were qualitatively same and even
quantitatively very similar. ®

We proxy the price fluctuations by using exponential-weighted moving av-
erage (EWMA) volatility and price trend as the percentage change in the
mid—quote prices for the last 100 observations. The empirical results could
depend on those definitions. For this reason, we re—estimate SOP regressions
with different transient volatility measures by employing the absolute value
and the standard deviation of the mid—quote changes of the previous 60, 100
and 120 orders prior to order submission. Similarly, as a robustness check
for the price trend, we employ different window sizes of 60 and 120.

All of the results are qualitatively robust, except the volatility in the second

7THLAS, ISGYO MIGRS and TSKB are excluded.
18For the sake of brevity, robustness results are presented only the working paper version.
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stage for limit order trader. Whereas in our benchmark model, volatility is
significant for almost half of the stocks, when we change the definition of the
volatility, the significance reduced to one—third.

Finally, we check the robustness of the chosen level of decay factor, \. We
estimate the EWMA volatility by using two different levels of the decay factor
other than 0.95 namely 0.97 and 0.93'°. Similarly, results are very robust for
the chosen decay factor.

To sum up, for all of our order book covariates, we find a remarkable robust-
ness over different specifications.

7 Conclusion

This paper investigates how the information content of the limit order book
affects the order choice of an investor. Employing a two-stage sequential or-
dered probit model, we answer the following questions: whether competition
or signaling effects dominate each other at every level of the depth, how does
walking through the book affect order decision of an impatient trader, and fi-
nally, how the trading behavior is different for institutional traders compared
to the individual ones.

By reconstructing the limit order book for Istanbul Stock Exchange, we show
that although competition effect is present only at the best quotes while
determining the arrival rate of market or limit orders, a limit order trader,
perceives an increase in the depth at the second best quote as an increased
competition and go for a more aggressive limit order. On the other hand,
an increase in the same—side—depth away from the quotes is perceived as a
signal of a possible mispricing of the best quotes and induces agent to submit
less aggressive limit orders.

The competition effect is strongest for volume at the second best quotes for
both the patient buyer and seller. For sellers, it disappears after the fourth
best ask, whereas it is more persistent for a buyer. Moreover, at every level,
competition effect dominates the signaling effect.

In our market, in her decision to submit a ‘large’ or ‘small’ market order, only
volatility and volume accumulated on the opposite side of the book matters
for an impatient trader. We believe this is specific to markets in which
walking through the book is not allowed. None of the price information
matters since under this case, the quotes beyond the best do not capture the

9For daily purposes, J.P. Morgan (1995) estimate optimal \ as 0.94.

20



execution price of an aggressive order.

Finally, we repeat the analysis for institutional investors only. Results show
that institutional traders’ order submission strategies are less affected by the
state of the limit order book compared to individual ones. If institutions are
informed traders as proposed by the existing literature, this implies that in-
stitutions are placing their orders based more on their own private valuations
than the limit order book information.
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Table 1: Descriptive statistics for each stock.
This table reports the daily mean statistics of ISE30 stocks separately for June 2008. Market capitalization is
at the beginning of the period.

Mecap Orders Volume Value Trades Volume Value
(Number) Order Ordered (Number) Traded Traded
(M shares) (M TRL) (M shares) (M TRL)

AKBNK 16650 2609 26.00 130.63 1643 8.81 44.09
AKGRT 1463 1044 4.28 18.35 714 1.54 6.59
ARCLK 1664 1003 2.39 10.51 576 0.75 3.27
ASYAB 1980 1392 6.50 16.94 954 2.19 5.64
DOHOL 2160 2438 36.75 54.95 1546 12.37 18.45
DYHOL 1082 2991 28.13 46.06 1949 9.45 15.40
EREGL 9995 2286 6.70 61.99 1455 2.19 20.22
GARAN 14448 9260 221.13 749.12 6186 82.39 278.14
GSDHO 277 2074 32.89 35.77 1400 10.91 11.78
HALKB 7750 1656 7.89 49.35 972 2.56 15.99
HURGZ 745 2281 28.63 45.50 1455 9.53 15.09
THLAS 202 1975 31.92 18.15 942 7.63 4.30
ISCTR 13165 7332 88.64 393.63 4732 32.46 143.32
ISGYO 459 700 5.09 4.94 367 1.35 1.31
KRDMD 670 2016 33.67 38.73 1150 9.91 11.39
KCHOL 7629 1399 11.87 41.51 855 3.93 13.72
MIGRS 3614 346 2.98 60.88 152 0.48 9.84
PETKM 1024 1156 3.70 20.39 688 1.12 6.02
PTOFS 2778 507 1.59 8.47 295 0.48 2.53
SAHOL 8676 1103 6.56 28.25 713 2.19 9.44
SKBNK 876 1872 9.80 21.47 1216 3.23 7.06
SISE 1439 1572 10.29 14.73 975 3.24 4.63
TSKB 490 707 6.08 5.73 448 1.72 1.62
TKFNK 2166 1172 3.04 25.96 747 1.00 8.56
TCELL 17050 1847 14.80 117.95 1095 5.05 40.15
TUPRS 7387 1413 2.71 75.11 761 0.83 22.86
THYAO 919 1252 4.89 26.83 787 1.65 8.99
TTKOM 14350 4447 28.51 119.25 2343 8.48 35.07
VAKBN 4400 4813 86.02 151.08 3169 31.17 54.61
YKBNK 9999 2939 42.24 106.19 1911 14.61 36.47
Average 5184 2253 26.52 83.28 1406 9.11 28.55
Median 2163 1752 10.04 40.12 973 3.24 11.59
Min 202 346 1.59 4.94 152 0.48 1.31
Max 17050 9260 221.13 749.12 6186 82.39 278.14
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Table 1: Descriptive statistics for each stock.
This table reports the daily mean statistics of ISE30 stocks separately for June 2008. Market
capitalization is at the beginning of the period. (continued)

Execution  Execution Spread/tick BO (%) LO (%) MO(%)

Rate (%) Time
(minutes)
AKBNK 61.06 16.24 1.59 0.47 0.69 0.15
AKGRT 67.95 11.01 2.14 0.52 0.62 0.15
ARCLK 56.62 19.36 2.05 0.46 0.71 0.13
ASYAB 66.68 10.12 2.11 0.49 0.62 0.16
DOHOL 61.02 13.21 1.58 0.44 0.69 0.15
DYHOL 63.33 12.34 1.68 0.49 0.66 0.15
EREGL 61.29 15.47 1.80 0.49 0.68 0.15
GARAN 63.69 14.28 1.50 0.47 0.69 0.16
GSDHO 64.57 12.17 1.58 0.47 0.64 0.15
HALKB 56.17 17.28 1.87 0.46 0.72 0.16
HURGZ 62.14 15.29 1.71 0.47 0.67 0.15
THLAS 45.21 24.18 1.47 0.48 0.71 0.11
ISCTR 61.48 16.09 1.51 0.49 0.70 0.14
ISGYO 50.46 23.84 1.95 0.45 0.72 0.11
KRDMD 54.70 17.31 1.53 0.46 0.70 0.14
KCHOL 58.68 17.06 1.99 0.45 0.69 0.14
MIGRS 42.17 25.24 1.47 0.39 0.70 0.11
PETKM 57.35 18.40 2.05 0.47 0.71 0.15
PTOFS 57.85 18.58 2.42 0.46 0.69 0.13
SAHOL 63.32 15.11 2.04 0.49 0.66 0.15
SKBNK 62.64 11.16 2.31 0.44 0.64 0.17
SISE 59.48 15.23 2.07 0.51 0.67 0.14
TSKB 60.04 16.26 1.71 0.49 0.63 0.12
TKFNK 62.92 12.86 2.10 0.49 0.65 0.16
TCELL 57.16 16.57 1.73 0.46 0.71 0.18
TUPRS 52.09 22.60 1.56 0.48 0.74 0.16
THYAO 60.72 15.10 1.95 0.51 0.68 0.15
TTKOM 50.44 20.29 1.57 0.39 0.73 0.13
VAKBN 63.21 13.31 1.54 0.47 0.69 0.15
YKBNK 61.82 12.49 1.66 0.48 0.67 0.16
Average 58.87 16.28 1.81 0.47 0.68 0.15
Median 60.87 15.78 1.72 0.47 0.69 0.15
Min 42.17 10.12 1.47 0.39 0.62 0.11
Max 67.95 25.24 2.42 0.52 0.74 0.18

25



7091 68°0€ 17V G L1030%€))

TL09 Yrarés GL'8% ¥ A10803€))
G688 99'1 680 ¢ L108038)
7,66 1¥7°¢¢ 9V'Ve ¢ K1080ye))
86°L6 8LCT 7Se 1 A1030ye))

9pIS [[9S -d [oued
9€°1¢ éd ¢4 76°6% G K10803e))
ge'L9 VLVE 80°¢¢ ¥ A10303e)
1898 06’1 860 ¢ L1089
L1766 1€%¢ 433 ¢ L1030ye))
16°L6 €871 8L¢ T A10303))

opig Ang -y [pued

(9% )orex uornoaxy (%) ozisaepaQ (%) sIdPIO

"A10899D T[DORO Ul POINIDXS SIOPIO JO
uoryrodoad 9y} SeAIS ‘9jel UOINOSXe ‘UWN[OD )SB[ 9YJ, 'SOLI089)RD SSOUSAISSOISSR oAl
10J SOZIS I9PJIO PuR SIOPIO JO serouenbaly [euorjipuosun oY) 110dal SUn[od omj sIy oy, J,

"SOLI03
-9780 wm@ggﬁmmwhwwd JIopPIO JO SOT)SIIRIS ®>EQM.HUm®Q ‘G °l9el,

26



27

€9 09 I 0% g 0 76 L2 00T e 6 0<

LT €€ e o L€ 09 € ey 16 0 09 (%) 818

810°0 €250 8€0°0 L10°0- 100°0 €70°0- 800°0 610°0 0L9°0 2I9°0- ¥90°0 ‘Sisueald uepowl G+ +¢+¢

€9 09 i 0g € 0 6 06 00T 9¢ 76 0<

LT e a7 oy 0¢ 0L a7 0L 001 Ly 09 (%) 818

LT0°0 eT0 70°0 ¥£0°0- 100°0 €20°0- 600°0 L20°0 849°0 6VF'0-  G90°0  Sis usalS uerpew v+e+e

LS 09 i 0g 29 v 29 00T 001 9¢ g6 0<

€ ee e o 157 08 157 L2 001 Ly €9 (%) 818

¥20°0 2880 Zy0°0 610°0- £00°0 610°0- L00°0 2900 0890 TG0~ 9600  Sts UeAIS werpow e+¢

0¢ 09 0L 0g 6. iz 9¢g 00T 001 € 6 0<

02 €€ €€ o Ly L 0g €6 00T 157 €9 (%) 318

800°0 6220 g¥0°0 110°0- €000 810°0- 010°0 180°0 299°0  609°0-  €50°0 Sis uoard uerpewt e
T1dS

79 0g L9 0¢ 0¢ 62 00T ) 001 00T €6 0<

Ly 1T o 09 e Ly €¢ € 16 L8 0S (%) 818

620°0 €80°0- 0200 Ge0°0- 200°0- 800°0- ¢10'0 £€0°0 TS0 E£VS0 1600 SisuealS uepowW G+ F+ €47

L9 9¢g L8 0¢ 09 ql 00T 08 001 00T V6 0<

0¢ o€ Ly 09 e eF 157 L9 16 L8 L8 (%) 818

920°0 z0z0 810°0 v£0°0- 2000 2100~ z10°0 610°0 £6€8°0 TE9'0  8P0'0 St ueAIS werpow v+e+e

9¢g 9g 79 0g 88 L s 6 001 001 6 0<

€g 0€ Ly 09 LT Ly ey L9 16 L8 09 (%) 818

810°0 90%°0 L10°0 2€0°0- €000 110°0- L00°0 9%0°0 T6L0 SIS0 Lp0'0  Sts uoArS werpowr ¢+¢

€ 9¢g 09 0g 6 9 98 00T 00T 76 76 0<

0¢ o€ 0¢ 09 L 09 €2 08 L6 09 L9 (%) 818

020°0 1€2°0 ¥10°0 L£0°0- L00°0 L00°0- 600°0 180°0 7920 G3G0 8700 Sis uears ueipawt C

xewzddod  ,-;ddoq  yewPwesqg Pwesqg ddoreuSisp euSisp ddodwoop  dwiodA  YdJS PUSLL,  B[OA ANg

"uo os pue j30oge Surreusis aanjdes 0} (;_powesA) sejonb
Y3ue} oyj 03 YN0} oY} WOL} SISPIO JO SWIN[OA POJR[NUINOOE PUR jooge uoljedwod oinjdes 03 (o ouwesA)sejonb piryj oyj 03 PUOdes oy} WOl SIOPIO JO SWN[OA PIJR[IWNIOE oY}
YA UOISSOI80I 03 10§ SHNSOI O} dI SOUI] 99IY} PUODSS dY T, * joopoe Surfeusts oinjdes 03 (;_ owWesA) sejonb yjuoeg oy} 03 parg3 oyj WOy SIOPIO JO SWN[OA PIR[NUWINIIE PUR 00O
uorjjedwos eanjdes 03 (owres ) 930N puooss o} 3& SIOPIO JO SWNJOA POJR[NUWINOOE B3 YILm UOIsseISel 1opel) quslyed o8e)s puooes oyj 10} synsed oYy jueserd soul] ooy} Isiy oYL,

"sojonb 189q o) puokaq yidep jo sisATeuy :¢ o[qe],



88'L- 00°€TT- 80°6- 0G'8¢€T- 9¢'0 cr'9- 08°¢9- 00°69 008¢T- 00°¢6T 06'9¢- OIN
*31s UQAIS urIpow
S0 [euldIen

02 8 12 1 79 8 0 00T 0 001 0 (%) 815 ueAIS "sog
0% e L€ Ly gL 08 00T 00T LL 19 €8 (%) 818
£20°0- 866°0- GT0°0- 96€°0- 200°0 810°0- YLI0- G91°0 0L£°0- G950 810°0- "S1s UAAIS ueIpow

es
erel- 00°G9T- 08'TT- 00'TGT- 1€°0 16°0- qeLL- G079 002gI-  09°S9%-  09°9%- O

*81s UeAI3 ueIpowt
(0001x) s100yy Teursren

0€¢ I 6 8 99 ge 0 00T 0 8 g (%) ‘Sis ueatd sog
L9 0€ L€ 0¥ €9 LG 00T 00T LL 08 0L 818
T€0°0- cEV0- T1€0°0- 68€°0- 100°0 ¢00°0- 002°0- 191°0 €¢e0- 20L°0- 290°0- "81s UPALS URIpIW
xewzddod - ddo@  yew-PwWesq - Pwesg ddoeuSisp [euSisp ddodwoop  duoop "udS Ppuaif, B[OA Ang

‘pojrodal osTe st go] Aq poeds s)o9e [RUISIRW JO URIPAW [RUOIISS SSOID O], "Pojlodal jou are 9soy} ‘A}1AaIq JO 9¥es U] ‘serwrwunp
Aep oyj)-Jo-owl} oY} pur o[qeLreA juepuadop oY) JOo s3e[ G OPN[OUI SUOISSaIZaI o) JO [[V 'G-9T AQ Poeds ole so[qeLIRA 9WIN[OA o) JO [[Y ‘Y00oq oY) Jo apis aj1soddo oY)
103 (e30mb S[qe[IeA’ 3SOMO[ 10 3S9USIY OU) pUR 350 9Y} UseMIaq eoULIRPIP eotid oYy s1) sejonb 3s0q puooes oYy pue 3soq oY} usemjeq eousteylp 90ud oyl St (yew-zddoq)
-1ddo "300q oy3 jo oprs oures oy 10§ (930nb d[qe[IRAR }SOMO] 10 }SOYSIY OY)} PUR }S0q OY} Ueom}dq 9oULIoPIp o011d oYy st) sejonb 3s0q puooss oY) pue 3soq oY} UMISq
ooueIoPIp 201d oYY SI (ypu-zPWeS() ,-owesq "30oq oy3 jo opis (eysoddo) oures oy uo j00pe Sureuss oYy 10§ Surpunoooe swmnjoa oys st (ddoeusisp) [euSisp Yooq
a1 Jo opis (91soddo) aures oY) uo 10970 uorijeduiod oYy 10J 3urunoode swnjoa oY) st (ddodwoop) dwoop ‘sypry ur peaids [enjoe oY1 st YJS ‘(0001 £q perdignuu)
suoryea1asqo QT jo aSueyd aotid snotaexd oy st puai], ‘(0001 Aq parfdiynu) Ajrrye[oa VINMA 9Yd ST ©[OA "9SIMIaYjo () pue ‘(QIA sHwqns) juatyedur st Jopel) Sururoout
a9 J1 T 09 Tenba st o[qerreA Juopusadep oY) ‘98e)s sy U] ‘[opouwr 31qoid palepio [erjusnbes o3r)s-om) o1} Jo 98e)s SIY 9Y) JO S}NSOI pajewI)se o) sjussald o[qe) sIyJ,

"11q0IJ PaIopI() [eryuonbog o8e)g 1sI1q 7 o[qe],

28



LT°E- G6°06- Ga'LT- 0g'v 18°1- 90°L 61V~ 08°1¢- 00°09¢- 00°9¢€C 02'1T- sajonb anoqy

66°C 00°88 0€°LT 0€'1 LLT LL°9- 807 G6°0€ 00°€5c 00%€c-  0L°0¢ sojonb 1y
G0'0 0v'1 0¥°0 8G'T- ¥0°0 0¢°0- 11°0 ¥6°0 9¢'8 vie- €90 sojonb U
S309yH [eulSIeIA

0¢ 09 0L 0s 6L ¥ 9¢ 00T 0ot 1€ 6 (%) "8 usAI8 'soq
0¢ €e €€ oy LY LL 0€ €6 00T 1974 €9 (%) S1s
800°0 6220 S¥0°0 110°0- G00°0 810°0- 010°0 180°0 c89'0 609°0- €40°0 "8IS ULALS URIpIW
OT-TI®S

1¢°0- 09°'1¢ 66°1- 0¥'8T- cL0- 9T'1T €v'e- 09°0¢- 00062~ 0S'8ET-  06°€T- sojonb aroqy
1¢°0 0567~ V61 0T8T 0470 [ €e'e G861 00°¢8¢ 00°6€1 09°¢€T sojonb 1y
00°0 88'1- L0°0 16°0- 10°0 ¥0°0- 90°0 8¢°0 0c'cl 66°C Lv'0 sojonb uTqIIAN
S309yH [eulSIeIA

€¢ 9¢ 09 0g 16 9 98 00T 0ot ¥6 ¥6 (%) "8 wsAI8 'soq
0g 0€ 0S 09 L€ 09 €¢ 08 L6 09 L8 (%) 81s
0200 1€2°0 ¥10°0 L€0°0- 200°0 £00°0- 600°0 180°0 192°0 Gcs'0 8¥0°0 "8IS UDALS URIpIW
xewmzddod  ddod  yew-Pwesqg ;Pwesq ddoreuSisp [euSisp ddodwoop  dwodAp "udS puaar, B[OA OT-Ang

"pa1Iodar osTe ST g1 Aq Pa[eds $109J0 [eUISIRW JO URIPAWI [BUOI}IAS SSOID O], "Pa3Iodal 10U aIe 9soy) ‘AJ1AdIq JO oxes oY) 10 'seturmump Aep
a}-Jo-ouIl) 9Y) pue d[qerres jyuspuadap o1) Jo sSe[ ¢ opnoul suoIssaISal 9y} JO [[Y “F 9[qR], Ul Pajou sk sures ore so[qerrea Arojeue[dxe ayj Jo [y ‘A[earoadser (sejonb
159q 9y} woy Aeme I0 e ‘Uryim 9o1id ) pIo ¢ A103891ed 10 § A1030180 ‘G A103018D ® SIS Iopel) 9Y) JI ¢ 10 g ‘T 01 [enba sI o[qelrea juepuadop oy ‘guatied
SI TopeI) o) UaAIS ‘oSe)s siy) ul ‘siepery jusijed I10j (powt jiqoid paieplo [erjuenbes oSejs-omy oY} Jo 98e)s pPuodas 9y} JO SHMNSOI pajewn)se oy} sjussaid a[qe) SIyJ,

‘SIopRI], JualiRe ‘41qo1d [eljuenbog 98v)g Puodeg G o[qe],

29



c0'¢- 06°€V- L9°c- 09°¢9- L9°C- ceen g9°0T- 01°G9- 00 IET  SOFP  10pIQ o3Iy 98Ie]
s100H [eurSIen

gc 81 8¢ 0 €1 L 0 0¢ 76 00T (%) "81s wsA1S "soq
€1 LE Le €1 €9 0g or L LG 00T (%) 818
0€0°0- 8.7°0- 170°0- ¥6¥°0- L10°0- 020°0- 8.0°0- 8L1°0- V10T €L2°0 "8IS UPALS URIpIW
OIN-TIPS

e 00°€c- €8V 0€'ce- e €L°0- ve- 06'€v- 0876~ 06'c€  19PIO Iorely S8R
s10eyH [euISIeI

97 ! 06 L1 g 44 6¢ 0 0 00T (%) "81s waAIS "soq
LY €C €€ 0T €L 0€ €¢ €1 ov L6 (%) 818
670°0- V.¥0- 8700 [443 G200~ G000~ 92¢0°0- €1y'0-  T190°1- 1¥¢'0 "8IS UQATS URIpaW
xewgddod - ddo@  yew-gPwWesq - Pwesg ddoeuSisp [euSispA  dwodp UdS Puai], ®©[OA OIN-Ang

‘pariodelr os[e st go] Aq Pa[eOs S109Jje [RUISIRUI JO URIPAW [BRUOIIDSS SSOID Y], "PalIodal jou ale 9soy) ‘A1Adl1q JO oyes o) 10
‘serirwunp Aep 9y1-Jo-awil) oY) pue o[qerre juepusdep oy} JO sSe[ ¢ OPN[OUI SUOISSaIZOI 9] JO [[Y § 9[eJ, Ul PaJou sk awes aIe so[qelies A1ojeuedxe
o) Jjo Iy (T A10807e0) QI 98Ie| syruqns oys sI T pue (g A10807ed) QA [[RWS ® sjiuqns oys JI () 01 [enbe si o[qerrea juopuodop oY) ‘quorjeduir
ST Iopel) oY) UeAIS ‘©Fe)s siy) u] ‘[epouwr j1qoid peteplo [erjuenbes o8e)s-om) oY) Jo 98R)S PUOIAS 9Y) JO SINSOI pajewlIse oYy sjuesard o[qe) SIyJ,

‘SIopel], jusrjedul] ‘SUOISSOISY 11OI] [RlIuanbog 08r)G Puodeg :9 9[qr],

30



1°6- 0'96¢T- L'8¢- 0vLE- 6°0 L€ €'¢01- 0'L6 0017~  0°¢V6 0°¢8- OIN
‘815 UQAIS urIpow
S300]yH [euISIeN

0g 0 Gc 0 L8 08 0 00T 0 00T 0 (%) "81s ueAIs ‘soq
1€ 14 a1 8 LC 61 a8 96 8 61 €C (%) S1s
T10°0- 688°€- 80T°0- 200°T- €000 600°0 062°0- L4920 Gv0°'1-  998°C ¥¢T 0- "8IS USATS ueIpow

1es
LYY 0crv 81~ 0°064 0¢ 80T~ 0'6TT- 0'60T 0'T1E-  07€9- 8°L9- O

*81s USAIS urIpaW
S309]y [euISIeIN

09 00T L1 00T 88 el 0 001 0z 4 U4 (%) "Sis ueatd sog
61 8 €¢ ¥ 1€ 1€ 96 00T 61 1€ 61 818
L1T°0 9¢€c’'T 80T°0- €961 800°0 620°0- 02€'0- 66¢°0 0780~ 9¥L'1- 881°0- "81s UPALS URIpIW
xewzddod - ddo@  yew-PwWwesq Pwesg ddoeuSisp [euSisp ddodwoop  duoop HUdS Ppuaday, B[OA Ang

‘pojroder os[e st ¢oT Aq po[eos s109pe [euldiew JO
URIPOW [RUOI}00S SSOIO oY ], ‘PojIodal jou aIe 9soT) ‘A31A01q JO oyes o} 104 "seruwunp Aep oy}-Jo-ouWll} 9} pue d[qeriea juspuadep o) Jo sSe[ G opN[oul SUOISSaI3al oY}
JO IV ¥ 9[qe], Ul pejou se aures aIe so[qeliea A1ojeur[dxe oy} JO [[Y "OSIMISOYJO () PUR ‘IOPIO JoyIewW ® sjrwqns 9ouey ‘qualjedull sI Iopel) Jurwoodur oyj) Ji T 03 [enbe
ST o[qeLIeA juepuadop oy} ‘98e)s SIY} U] ‘SuornjIsul 10j [ppouwt 31qoid paropio Terjuenboes aFe)s-omy o) Jo 83v)s 1SIY 03 JO SHNSOI PojRMWIISe oY) sjuesoxd o[qe) SIYJ,

“SUOT)I)IISUT-UOISSAIZY 3101 PaIapi() [eryuenbag a8e)g 1sI1 ), 9[qe],

31



062 0°09¢ LV G 19¥ 0°g1 1'6 8'GT- LG 0°€LV- 06LS [ S sajonb anoqy

8°'LC 0°6€4- ey 0°€s7- LYI- 8'8- ! 1°9¢ 0°€9¥ 07996~ G'es- sojonb 1y
<1 LET- ¢l L8 1T°0- ¢0- ¥0 V1 9'ce 9'61- L°0- sojonb U
S309yH [eulSIeIA

08 €e 08 0 0 8¢ LG 00T 00T 0 oy (%) "8 usAI8 'soq
61 4! 61 8 ¢ 1€ LC 8¢ g€ g€ 61 (%) 81s
¥01°0 61L°T- Ggec1'o GLYV'T- €80°0- 0€0°0- 160°0 ¥02°0 824’1 Sy1'e- 891°0- "8IS U0ATS URIPIIN
OT-TI®S

1°8¢- 0°999- £ve- 0°S1L Vet T'TT 0ce- 8°9.L- G'¢Tv-  0'€86- V16~ sojonb aroqy
9°Le 07999 cve 0°¢69- €61 011~ g'1e 6°€L 0°66€ 0°6L6 9'06 sojonb 1y
0 19 0 1€ 00 ¢0- 01 LT 90T €8 90 sojonb uTqIIAN
S309yH [eulSIeIA

GL 0ot 1L €e 0¢ €1 0¢ 00T €6 68 08 (%) "8 wsAI8 'soq
1€ 4! LC 4! 8 1€ 8 8¢ 2 g€ 61 (%) 81s
[44N0] 1761 80T°0 006°1- 2800 0€0°0- 601°0 902°0 cre't 6¢1°€ 162°0 "8IS UATS URIPIIN
xewmzddod  ddoq  yew-Pwesq ;Pwesqg ddoreuSisp [euSisp ddodwoop  dwod A HdS PpuaJay, B[OA OT-Ang

"pojrodor osTe ST €aT AQ Pa[edISs 1090 [RUISIRWI JO URIPAW [RUOI}IAS SSOID O], "Pa3Iodal j0uU aIe 950y} ‘A}1AdIq 10 "seTmunp Aep oy3-Jo-owily o)
pue o[qerrea juapuadap o1[) Jo s8] G OPN[OUI SUOISSAISaI 9Y) JO [V “F S[(R], Ul PajouU Sk owres oIe sa[qerres A1ojeue[dxo oy Jo [V A[eArdadsar (sejonb 94soq oy woy
Aeme 10 1e ‘uryiim ooud qrul]) Iopio ¢ A10899ed 10 F A10899ed ‘G 1089980 ' SIWIQNS J9pel) 9y} JI ¢ 10 g ‘T 09 [enbe st o[qelrea juepuadop oy ‘qusried st 1opel) oY)
uaAl8 ‘o8e)s SIY) U] ‘sIeper) [euoljnjijsul jusrjed 10y [epowr jiqord paioplo [erjuenbas afe)s-omj) o) Jo 9SS PUOIAS ) JO SYNSAI pajewn)se o) sjussaid a[qe) STy T,

"SIOPRIT, [RUOIINIIISUT JUSIIRJ ‘SUOISSOISOY 3101 [RIIUSNDOG 0Fe1g PU0d9g R d[(R],

32



ge- - €' 1L 9°ce- €1 L'9- 1°G- 9°L8- 0°699 GLOT  I9PIQ 9 IRIN d8re]
sjooPH [eurSIenl

0 - €€ 0 0¢ 0 L1 0 00T 00T (%) "81s ueAIS "sog
v 0 4 iz qr 61 €z iz 6T 69 (%) 918
YLV 0" - 820" %2 0- ¥00°0- ¥90°0- 0%0°0- g8~ T98'E €250 ‘815 ueAI3 uRIPaIN
OIN-II®S

ger- 0°17E- 012 - L1e- €9 e 65T 0728~  GEIT  I0pIQ eMIeIy o81e]
mn—nu@.mm ~ﬁﬁmw.~m§

e 0 09 - 09 €€ 0 00T 0 00T (%) "81s woA18 "sod
1z v €z 0 8 41 i i 13 ve (%) 818
Ge1 0" £1TT- 150°0 - §50°0- 020°0- 10" 88¢'T  ¥Iz'e-  IEF 0 "S1s ueAI3 ueIPaIN
xewzddod - ddo@  yew-Pwesq - Pwesq ddoeuSispA [euSispA  dwodp UdS Puai], ®©[OA OIN-Ang

"pojrodar osfe ST £aT Aq Pa[eds $109]0 [RUISIRUI JO URIPAOW [RUOIII9S SSOIO 9], "Pajlrodor jou oIe asor]) ‘AJTASIq JO 9Yes o1} 10, ‘Serurmnp Aep ay)-Jo-ouiry
oY) pue o[qeLreA juspuadep oY) Jo sSe[ g opnyoul suorssaIdal oY) Jo [V ‘¥ 9[QR], Ul PIjou se sures aIe sojqerres Arojeue(dxe o) jo [y (T A10899ed)
OIN @81e[ sjuqns 9ys sI T pue (g £10899e0) QJN [[eWs ' sjwqns ays JI () 01 [enba st s[qeLiea juapuadep o3 ‘qusrjedwl ST Jopel) 9Y) USAIS ‘9Fe)s SIY)
uJ ‘sIepe) [eUOIIN)IYsul jualyeduur 10f [ppowr jiqoid paropio [erjusnbas o8e}s-om) oY) Jo 98e)S PuOISs dY} JO SIMSSI pajewr)sa oy sjussard ajqey sIy T,

‘SIoped], [euonnisuy QQGE@QEH anmeww.ﬂwwm Jiqord Mdﬁﬁwsvwm @W@um puooeg g 9[qel,

33



